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& Anonymous is unusual amongst hacktivist
groups, relying on social media to broadcast its
operations and generate publicity.
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being swarm-like in nature, against the group’s
behaviours as they appeared on the platform.? Twitter accounts.
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PageRank Centrality Score per Anonymous account (Top 1,000 accounts) Graph Showing the Number of Anonymous Accounts Created per Year
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% Scores for each centrality metric are recorded in
Fig.1, for the top 1,000 highest scoring accounts.

¢ Analysis of accounts being created over time, as seen in
Fig.2, indicates a substantial drop in recent years of
Anonymous accounts being created.

¢ A higher score indicates that the account has more
influence over the network. % The timing of this drop, around 2013, strengthens
& The scores are heavily skewed towards a small suggestions that the group fragmented after the arrest of
number of highly influential Anonymous accounts, key members around this time.
contradicting the group’s claims.
Table 1 Topic Modelling
Topics Key Words

Conflict in Iraq
Donald Trump and Conflict
Democrats and US Politics

Republicans and US Politics

people, asylum, concern, iraq, issue, turn, hate, learn, internet, question @

The key topics were extracted from the latest 1,500 tweets of
the 5 most influential Anonymous accounts identified. An
example of the topics from one account can be seen in Table 1.

trump, war, crime, free, people, war_crime, time, election, feel, platform

democrat, post, expect, voter, exit, profit, server, goal, poll, send

problem, person, republican, american, identity, challenge, obama, understand, @

Lo An analysis of account topics revealed a focus on politics,
steal, order

activism, and digital security across all 5 accounts.

US Politics

Brexit expose, ireland, border, country, good, remain, life, journalist, return, password

administration, prosecute, america, ago, pass, woman, article, long, good, bush

% This consistency in topics of interest across accounts
contradicts the Anonymous’ claims of being swarm-like in

Journalistic Freedom freedom, press, press_freedom, people, chelseamanning, thing, bit, claim, fascist,

white composition.
EU Copyright Directive vote, eucopyrightdirective, european, medium, democracy, response, war,

uploadfilters, happen, article13
Wikileaks and Assange’s Arrest ~ arrest, ecuador, people, human, wikileaks, wrong, publish, time, block, hold Refe rences

Wikileaks and Edward Snow- assange, torture, government, charge, wikileaks, read, whistleblower, julian,
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